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PARP: Relative Performance Analysis
for Parallel Application

Tomova KaBe'! and Kenyiro Taura'!

We proposed PARP for Workflow, a relative performance analysis tool of different con-
ditions for parallelized workflow applications. It stores performance information in the
relational database and it is aimed to support workflow developers or workflow engines’
developers to optimize the workflow applications. Previous performance analysis based on
comparison targeted at SPMD-type parallel applications like MPI. Existing performance
databases, however, are unsuitable to store performance information of workflow applica-
tions. We designed a database schema to store performance information from workflow
applications and implemented a prototype of Web interface for relative analysis between
different execution conditions. In the evaluation we showed the result of a real-world work-
flow application and the possibility to partially analyze the cause of performance difference
by comparison.
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Fig. 1: Correspondence between Petri Net and DAG
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Fig.2: PARP for Workflow Overview
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Fig. 3: Database schemata of PARP for Workflow
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Table 1: Specification of Clusters for Experiments
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1an Inux 11 0.
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Comparison graph for Workflow montage
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Fig. 4: Experiment 1: Performance Comparison on Cluster K between 8 and 128 CPUs
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Comparison graph for Workflow montage
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Fig. 5: Experiment 2: Performance Comparison between Cluster K and Cluster H for a small dataset
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Fig. 6: Experiment 2: Performance Comparison between Cluster K and Cluster H for a large dataset
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