Vol.2011-MPS-84 No.10
gooooooooo 2011/7/18

IPSJ SIG Technical Report

gobgoboobooboooouooud
goouoboooooo

O 0O ot o o o ot o oo Ol

goooOoOoOoboo0oo00ooooooOOOOO00O0oO0oooooOooObobOOoOoooobD
gooo0o0oooooooo0oOo0ooooOo0oooooOoOoOoooooO0o0oo00on
gooooooooooooOoboOoOo0oOoooooooooooooOoOObObOOOo
goooooooooOoOooOOo0oOooooooooooOoOOObOOoO0Oooboooono
obooooboooOoooOoOo0ooOoOoO0ooOoOO0OO0bOOO0OO00CcOO0OO0bOOoO0n
goooooooooooooOooooboboooooooboOoOoOooObOObObOOOO
gooooooooooOoooOoOoOoOoOoOoOooooooooooooOOObObOOOoo
gooooooooooooOoOoOOoOobO0O0o0ooooooooooOOObbooBbo
gooooooooooooobooo0ooooooooooooooooboo0onog
goooooooboooooooooooooooooooooooDOoDOOOOo
gooooooooooOoOoOboOoOo0oOo0oOooooooooooooOoOObOOO0Ono
obooooboooOooooOo0ooOoOoO0ooOoOO0boOO0o0O0boOoOoOobOoOo0n
gdoooooooooOoOoOoOo0oOoooooooooooooooOooOObOOOOo
goooooooooooboooooooooooooooooooOobOObObOOonoo
goooooooooobDOoOoOOO0O0000000000000000O0bOboODO
goooooooooooboooooooOoOoboOooooooooooooboOoOog
gooooooooooooOooOboOoOo0o0oooooooooobOoOObObbOOOo
gooooo

Hierarchical Visualization of Similarities between
Probabilistic Distributions for Profiling

AKIRA ITO,! TOMOHIRO YOSHIKAWAT!
and TAKESHI FUrRuHASHIT!

One of the most important purposes in the analysis of questionnaire data
is to get profiles for the target group(s). As the result of profiling gives a
great influence on the planning marketing strategy, the reliability of profiling is
very important. Correspondence Analysis, Association Rule mining are typical

methods for profiling and are useful to grasp the relationships between categori-
cal variables in data. However, the results of these methods may “overfit” to the
data and be different from the behavior in the general population, especially
when the sample size is small. This paper proposes a new profiling method
considering behavior in the general population by probabilities. It derives the
probabilistic distributions of each choice on a question by Bayesian approach
for each attribute, and visualizes the similarities between these distributions.
This paper applies the proposed method to an actual questionnaire data on a
scanner product. It shows that a user can profile the data considering the un-
certainty of extracted rules for the relationship between each attribute and the
answer to the essential question. It also shows that the visualization supports
a user to grasp the similarities between the probabilistic distributions for each
attribute and to extract the characteristics of attributes.
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