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Abstract A recommendation system enables us to take information from huge datasets about
tastes effectively. Some cryptographical protocols for computing privacy-preserving recommen-
dation without leaking the privacy of users are proposed. However, the large overhead depending
on the number of users is current issue.

In this paper, we propose an efficient scheme by using item-item similarities for providing
a prediction of arbitrary values of rating. We show the performance and the accuracy of our

proposed scheme based on a numerical experiment.
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