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Gene Regulatory Network Prediction using a Dynamic
Gaussian Process: MCMC approach
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A dynamic Gaussian process-based algorithm is proposed for predicting a
gene regulatory network structure of mouse clock genes, which regulate circa-
dian rhythm. The proposed algorithm attempts to capture nonlinear dynamics
associated with gene expression values with Bayesian non-parametrics. Imple-
mentation was performed by a Markov Chain Monte Carlo (MCMC).
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Fig.6 An example of predicted networks(threshold:0.5).

Fig. 4 Synthetic time series data. A red link represents a false positive link.
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Fig.8 Expression time series data of the clock genes.
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