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Reduction of Association Rules for Fault-prone
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While model based software fault predictors, e.g. logistic regression model, Random
Forest and Support Vector Machine, are too complex to understand the causes of faults,
association rules are much more understandable since rules are described in a simple
intuitive form (cond. = faulty or cond. = not faulty). However, although each
association rule is enough comprehensive, usually too many (similar) rules are extracted
by the association rule mining. This paper proposes a rule reduction method that can
eliminate complex (long) rules as much as possible without reducing the prediction
performance.
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