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Large-Scale Data Analysis Platform for Learning History Data
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It should be implemented to collect data from different systems in campus
to make the learning history of on-campus activities. Since the difference of
data format between the systems and the volumes of data, it is very difficult to
analyze the activities. In this paper, we propose a platform to collect learning
history data from some LMSs and analyze these data based on the MapReduce.
And we develop a prototype system of access analysis system on this platform.
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Fig.4 Daily Access of General Education
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