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Common Visual Pattern Detection
Based on Mixture Particle Filtering

Kota Aok ' and HirosHl NaGAHASHIT!

We present a novel approach to detect common visual patterns between image
pairs. We use a particle filtering approach as a detector of possibly multiple
similar visual patterns rather than as a visual tracker. To handle multiple
instances, we adopt an algorithm of the mixture particle filter. Our method
doesn’t require a learning phase in advance but leverages only the information
from given two images. A detector is a set of bounding boxes. A feature vector
will be extracted from the image area covered by a bounding box and the sim-
ilarity between two boxes can be calculated based on the distance among their
corresponding features. The centers of bounding boxes should be updated to
move toward the locations of common patterns in turn. In the experiments, we
demonstrate the validity of our method on common visual pattern detection.
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Fig.1 Example of a pair of images containing common visual patterns (Toys).
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model. clusters.

3.3 U5RSYVY

AR kb EHEEEACT, ST 2SO P LERIZDOWT I I AR V7T
5. BERIZREERIZE > THE L 2BET220, 75 2RV 7I2&>TTES R0/
A G2 A %226 T 5. 2O ITEER0 ) A FIZEGAHMELZZRBL TORNVEO
ESDOERB R BT UERIELRY. 7528 VT INFERIZ & > TREERS
EREBL, BEETNE UTHEBHERIMHEEMUT D L THHRDOLIEMEL MR e p
HTHY, ULEA->T, BARSOE K & (Fo kI ) 1 MomEicitEds
NRE—=VHBNE, FEOKE —HUELTE L.

AFHETIE, BEATYTHIZBIEI A K, 2 RRCKVIRET 5.

K¢ = oo/(1 4+ k(t/T))] (11)

ZHUTEINETVOR (9) LAKDEZEZHIZL>TEHRIN TS, ~72ZL, TITONRT
A=BF oy =100B&T, k=1,#FETZ (M3). 7I7AZOEERKBELLEITED
LT Z&izky, @/ a—>Thd etz m T BHEEITR 2 ITRVAEND.
@R Z =Y DR THRHZHEE R DT PBHI NG L WS BT 2720, BE
FREOMEIZ BB 7 2581525, ZHIC&Y, FEREROBELE I MED TEW/SE—V 2T
378<, —EDOHELZBR BHLNNE—VERETE2 L5125,

3.4 ERFEFHE

B EE L LT, SIFTD ICHE SRR L, BEICL>TEAMIT bl
ARTS L 2GS, TNTNORME 2 BEERATEICHEL, BEAICHET 25k
FRIC OV TRMT 2. Z OREEMTIIREA G 2550 UOHELTHELZLT

Vol.2011-CVIM-176 No.24
2011/3/18

B4 BEOmiGIC & 2 REE O,

Fig.4 Feature extraction by using integral image.
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Fig.5 Comparison between rectangular areas corresponding to samples on each image.
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Fig.6 Matching among rectangular areas; values indicate the distance between image features.
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Fig.7 Confidence map for common visual patterns (middel) and segmentation result (bottom).
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Table 1 Objective evaluation of segmentation based on h, and b,.
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Fig.8 ROC curves.
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