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Performance Comparisons Among Algorithms for
Low-rank Matrix Factorization with Missing Components

TAKAHIRO YOSHIDA,! TAKAYUKI OKATANI'!
and KoicHiro DecucHi'!

Several numerical methods for low-rank matrix factorization with missing
components have been proposed recently. This paper presents a novel efficient
implementation of the Wiberg method, which was developed in 70’s, and then
introduces its simple extension incorporating a damping factor. We evaluate
six methods via several experiments using real data as well as synthetic data,
which consist of the Damped-Newton method proposed by Buchanan et al.,
and the newer methods that have been proposed including ours.
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