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GLoBEs: A Spatio-Temporal Grouping
Algorithm using Micro-Blog Entries

SHINYA HiruTa, ! HIRoTO AIDA,T? MASATO MORI?
and HIDEYUKI Tokupaf?13

Recently, social media such as Twitter and Facebook attract public attention
and many users can now easily share the information. Furthermore, spread
of devices having location acquisition technologies makes it possible to acquire
coordinates at many places. From such a background, location sharing appli-
cations (LSA) on social networking service (SNS) become widely accepted. In
this paper, We propose GLoBEs (Grouping Algorithm Based on Location of
Micro-Blog Entries) to measure similarities among users by mining location of
micro-blog entries. In order to evaluate GLoBEs, we compared the measured
similarity and actual user’s relationships on Twitter.
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Table 2 Software configuration
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Table 4 Evaluation result of clustering module
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200000 50.51 3.36
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