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Improvement of PLSA Language Models for
Perplexity Reduction based on the World Wide
tfidf Statistics.

Masataka Miyazaki’ and Takeshi Kawabata'

PLSA (Probabilistic Latent Semantic Analysis) is a method for topic modeling based on
the Term Frequency of the word in a training text. However, the tf values in limited data
may not be reliable enough to reduce perplexities for speech recognition. This paper
describes an improvement of PLSA language model based on the world wide “tfidf”
statistics. The system searches for 10,000 vocabulary words in World Wide Web, and
calculates general idf values for them. Experiments show that the proposed method
effectively achieves accurate topic identification, and reduces the task-set perplexity.
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