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A relative entropy based data selection approach
for acoustic model training

HIROKO MURAKAMI ,T! KorcHr SHINODA 1
and SADAOKI Furuif!

We propose a training data selection method for large vocabulary continu-
ous speech recognition. Firstd we prepare a large text corpus as a sentence
set for training] and obtain phone occurence distribution for each sentencel]
Secondd we calculate phone error distribution from phone recognition result
using an initial acoustic modell] Then we select sentences whose accumulated
phone occurrence distribution is close to the phone error distributiond Our
method was evaluated by using 152-hour speech data in the Corpus of Spon-
taneous Japanesel It was evaluated in situations of supervised training and
semi-supervised training[ In supervised trainingl] it proved to be significantly
better than random selectiond It required only 76h of speech data to achieve
word accuracy of 74.7%0 while standard training (i.e.0 random selection) re-
quired 152h of data to achieve the same ratel It was not significantly effective
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Fig.1 Flow of the proposed methodl
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Fig.2 Comparison of the proposed method with random selectionl] Random10 Random?20
Random3 are results obtained by three different random selections of training sentences
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Fig.3 Change of KLD values according to the number of selected sentences.
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Table 1 Comparison of the proposed methods and random selectiond Log indicates results with-
out approximationd Approxl and Approx2 indicate results using approximation by Taylor
expansionl] The table shows recognition accuracy and time needed for sentence selectionl]
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Fig.4 Comparison of the semi-supervised selection method with random selection.
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