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Probabilistic Topic Models with Category Hierarchy
and its Applications
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The development towards an information society has generated a substantial volume of oobboboboooooobobboo wbAODDOOOOODO0OObObOObOOOOObObOOOO
information. Researchers have developed techniques to extract useful findirgsdisd 000000000000 00000000nN0oo0NoN0oNonoNooonoononononn
cover new knowledge from large-scale information, to date. Especially, topic modeling
approaches have attracted attention recently, as means to deal with text-formatted data that oooooo
play a major part in the information used in the information society. One typical method 0000000 oDoDo0000000ooooDoDoDoDo00000ooDoooooooooOon

is Latent Dirichlet Allocation (LDA) that is known to work well. Meanwhile, with a grow-
ing volume of information, a way to gain access to such information is to make documents
hierarchically organized by automatically assigning hierarchical categories to each docu-
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ment. However, LDA does not explicitly model category information, and therefore a new Graduate Schodf Engineering, Kobe University

model needs to be developed for this objective. We propose in this paper a new topic model 20000 0000000000000000000

that we call Directory Topic Model (DirTM) to model document collections with category Graduate School of System Informatics, Kobe University
hierarchy. We estimate the model parameters with Gibbs sampling, and demonstrate the 300000000

effectiveness of the proposed model through several experiments. National Institute of Informatics
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