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Textual entailment recognition plays a fundamental role in tasks that require
in-depth natural language understanding. For entailment recognition technolo-
gies to serve for real-world applications, a large-scale entailment knowledge base
is indispensable. This paper proposes a conditional probability based direc-
tional similarity measure to acquire verb entailment pairs on a large scale. We
targeted 52,562 verb types that derived from 108 Japanese Web documents,
regardless whether they were used in daily life or only in specific domains.
Evaluating 200 samples that were chosen randomly from the top 20,000 verb
entailment pairs acquired by previous methods and ours, we found that our sim-
ilarity measure outperformed the previous ones. For the top 100,000 results,
our method worked well too.
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Table 1 Accuracy figures of verb entailment acquisition with Vagg.

Acc-1 Acc-2 Acc-3
Score 0.690 0.520 0.335
Blnc 0.455 0.295 0.160
Precision 0.450 0.355 0.205
Lin 0.635 0.385 0.205

02 Vy,oOOOODODOOODODODOODDO

Table 2 Accuracy figures of verb entailment acquisition with Vaq.

Acc-1 Acc-2 Acc-3
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Fig.1 N-best accuracy figures of verb entailment acquisition with Vagg.
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Fig.2 N-best accuracy figures of verb entailment acquisition with Vagq.
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Table 4 Accuracy figures of case frame entailment acquisition.
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Fig.4 N-best accuracy figures of template entailment acquisition by Score and Precision using
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Table 5 Accuracy figures of the top 100,000 verb entailment pairs.

Acc-1 Acc-2 Acc-3
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