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A Method of Extracting Sentences Containing
Protein Function Information with

Training Data Extension based on User’s Feedback

KAzZUNORI M1vanisHl, ! ToMoNoBU OzaKk1f?
and TAKENAO OHKAWA T3

Protein function is clarified by protein structure analysis and the obtained
knowledge has been stated in a number of documents. It is expected to con-
struct the database of the function information, because the function informa-
tion is useful for various application fields such as drug discovery, understanding
of life phenomenon, and so on. Then, we propose the method of extracting the
function information from a number of documents. In this paper, extraction of
protein information is considered as a classification problem, namely, whether
each sentence from the target document includes the function information or

not is determined. Typically, in the case of addressing such a classification
problem, a classifier is learned using the training data previously given. How-
ever, the accuracy is not high when the training data is not large enough. Thus,
we attempt to improve the accuracy of classification by extending the training
data. Effective sentences for getting high accuracy are selected from the refer-
ence data aside from the training data set based on user’s feedback, and added
to the training data. In the experiment, the accuracy is improved by less feed-
back. Thus, it is confirmed that the training data is appropriately extended
based on user’s feedback by the proposed method with user’s load reduced.
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