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Learning Evaluation Functions from Game Records in Chess

IsseEl YAMAMOTO," SHOGO TAKEUCHI,* TOMOYUKI KANEKO!
and KUNTHITO HOKI #f

It is an important research topic in game programming to adjust evaluation functions by ma-
chine learning. Adjusting evaluation functions by hand requires not only a great deal of time,
but also an expert skill to keep consistency of a large number of parameters. On the other
hand, tuning evaluation functions by machine learning does not require any game-specific
knowledge of human experts. In computer Shogi, a machine learning technique,” Bonanza
Method " , had successfully adjusted evaluation functions for practical use for the first time.
However, we are still unsure whether this method is useful in adjusting evaluation functions of
various kinds of games. In this paper, we examined the performance of* Bonanza Method” ,
and presented some effects in Western chess.
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