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Landscape for optimization problem of minimax search

Kunihito Hoki* and Tomoyuki Kaneko**

In Shogi, machine learning of the positional evaluation function has proved successful. The
learning method adjusts the feature vector v of the positional evaluation function by solving an
optimization problem of minimax search in accordance with professional game scores. In this

paper, we analyze properties of the function J(v) to be optimized in terms of continuity, partial

differentiability, and number of local minima.
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