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Extraction of Distinctive Phrases from Mini Blog Entries
and Application for Topic Tracking across the Media
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A mini blog service, including Twitter, is one of emerging media of note.
Across-the-board analysis in posted blogs, and descriptions in related media,
such as TV, newspapers, and other media, is indispensable for social analysis.
Posts in mini blogs, however, often include names of particular movies, novels,
and products, and many of which are compounders. A compounder is often
divided into several words by word processors, and difficult to extract as one
solid word. Here, if a hot compounder is extracted as it is supposed to be,
the quality of morphological analysis is improved to contribute to better topic
tracking in many descriptions in media. Therefore, in this paper, we propose a
methodology to extract distinctive phrases from mini blog posts. The method-
ology picks up burgeoning keywords included in posts in limted time, and tries
to form meaningful compounders.
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