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Inferring User Behavior System
by Mining Geotags and Text Massages
on Micro-blog Services

Kazukt Yamapafl and Hirokr Sartof!

The advance of GPS-enabled portable devices such as PDAs and smart
phones facilitates people to record their location histories. Location trajec-
tories imply human behaviors and preferences related for their interests. On
the other hand, micro-blog services such as Twitter and Google Buzz enable
us to publish text messages (e.g. Tweets) and location-tags (e.g. Geo-tags)
to subscribers. This paper proposes a schema for inference user behavior by
analyzing its location trajectories and its contexts. And we design a location
recommendation system by mining multiple users’ location trajectories. Also,
we confirm effectiveness of the schema through basic experiments.
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Fig.1 User Behavior Inferring System among Text Messages and Geo-tags in Micro-blog Services.
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Fig.2 Indices for Inferring User Behaivor.
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Algorithm: Inference Route Recommendation

Input: M:state transition matrix, L: location, n: number of
hops
Output: H={H1, H», ..., H, }: route sequence

current—L
for =0 to n do
for each loc € M yrrent do

if <current,loc> exists in H then continue

1
2
3
4
5 next = max index of Mcyrrent.loc
6 done

7 if next is empty then return H

8 add <current,next> to H

9 current < next

10 done

11 return

3 Rt T XA
Fig.3 Inferring Route Recommendation.
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Fig.4 Probability of movement from Kochi station.
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