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A Graph Model for Mutual Information
Based Clustering and Its Evaluation

TETSUYA YOSHIDAT!

We propose a graph model for data clustering based on mutual informa-
tion. Based on the stationary distribution induced from the problem setting,
we propose a similarity function among data objects, and represent the entire
objects as an edge-weighted graph. We show that, in hard assignment, the
problem can be approximated as a combinatorial problem over the proposed
graph when data is uniformly distributed. Various algorithms can be utilized
to solve the clustering problem by representing the dataset based on our graph
model. The proposed approach is evaluated on the text clustering problem over
the 20 Newsgroup benchmark data. The results are encouraging and indicate
the effectiveness of our approach.
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