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A Direct Method for Camera Calibration
from Planar Scene

SHIGEKI SUGIMOTO! and MasaTosHl OKuTOMI™L

In this paper we present a direct method for camera self-calibration from
planar scenes. We estimate the camera parameters including lens distortion
coefficients that minimizes a SSD (sum of squared differences) function com-
posed with the pixel values of multiple images viewing an arbitrary textured
plane. The contribution of every pixel to the measurements can improve the
precision of the estimated parameters compared with existing feature-based
self-calibration techniques. In addition, this method enables us to offer an
easy calibration interfaces which doesn’t require specific calibration patterns
on the calibration target, such as chessboard patterns, nor user input of cor-
ner positions on the target. We report the validity of the method through the
experiments using synthetic images and real images.
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