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Integration of Bayesian Filter and Social Network Technique
for Combating Spam E-Mails Better

HiroOKI OHFUKU' and KANTA MATSUURA'

In recent years, spamming has been increasing rapidly with the spread of E-mails and has
become a social problem. In this paper, we integrate two anti-spam techniques; one is a sta-
tistical method for filtering spam, “Bayesian filter”, and the other is an e-mail address listing
method using “social network analysis (SNA)” which exploits the sender-recipient relation-
ship. We evaluate the integrated spam filtering method. Then we propose some effective
improvements such as biasing for ham classification and modification of SNA by Bayesian

filter, and evaluate them.
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Fig.1 Example of sender-recipient relation.
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