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Active learning using multiple recognizers
for speech recognition

Yuzo HaMANAKA |1 Tapasar Emorr 12
TakAFUMI KosHINAKA ,T13 Korcnr Sninopa f!
and SADAOKI Fururt!

We propose an active learning method with multiple recognizers for large
vocabulary continuous speech recognition. In this approach, the recognition
results obtained from recognizers are used for selecting utterances. Here, a
progressive search method is used for aligning sentences, and voting entropy is
used as a measure for selecting utterances. Our method was evaluated by using
190-hour speech data in the Corpus of Spontaneous Japanese. It proved to
be significantly better than random selection. It only required 60 h of data to
achieve a word accuracy of 74%, while standard training (i.e., random selection)
required 97 h of data. The recognition accuracy of our proposed method was
also better than that of the conventional uncertainty sampling method using
word posterior probabilities as the confidence measures for selecting sentences.
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0 1 Active learning scheme using query-by-committee based approach for speech recognition.
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0 2 An example of guide trees for base sequences. The symbol “-” indicates a gap.
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0 1 An example DP-matrix. The symbol “-”
0 2 An example alignment result of sentence vs.

indicates a gap.
alignemnt-result (C = 6, H = 3).
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0 3 Recognition results with different model combinations. The
horizontal solid line showed the recognition result (75.2%) ob-
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