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As documents about protein structural analysis are increasing, a method of 00000000000000000000000000000000000000 (3)0

automatically identifying protein names in them is required. However the ac- 0000000000000 o000oDoDo0oOoNoDoDo0OonoDooooDoooon
curacy of identification is not high in the case of not enough training data set

given. On the other hand, it may have a negative effect that a whole avail-
able corpus is added to training data set. Then we propose a method to select RSN I@EDSHIES
sentences from a corpus, which are effective for identification. In the experi-
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ment, it was confirmed that the accuracy was improved by the proposed method . |
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. Ttk protein strongly activates transcription, ...
Subject Verb Object

(PMID:10381570)

.. AMLI and BSAD synergistically activate blk promoter transcription ...
Subject Verb Object

(PMID:10455134)
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Procedure : update weights of features
1 for (i =1..n)

2 for(j=1..M)

3 if(Fy == fi)

4 Wp, = Wr; xU
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Procedure : update weights of sentences
1 initialize : Wg =0

2 for(i =1..N)

3 for(j=1.M)

4 if (S; has the feature Fj)

5 Ws, = Ws, + Wk,

6 for(i = 1..N)
T W, = WS’L/ EkN:1 Wsk
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Procedure : select sentences

1 select = {}

2 for(i = 1..N)

3 if(Ws, > Wg, || rank(Ws,) is superior to Tr)
4 select = select U {S;}
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187 187 CD I-NP (0]
in in IN  B-PP (0]
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contributes contribute  VBZ B-VP (0]
significantly significantly RB B-ADVP O
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