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Analysis of Stock Price Fluctuation
by Using Bayesian Network
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In this research, we will describe the prediction of the stock price fluctuation by using Bayesian Network.
Bayesian network is trained with stock price fluctuations in New York stock exchange market, London
stock ex change market and Tokyo stock exchange market and then , the network is applied to predict
FTSE100 fluctuation in London stock exchange market. Firstly, FTSE100 fluctuation in 2007 is predicted
by technical analysis and Bayesian network analysis. The results show that the prediction accuracy of
Bayesian network is much better than that of technical analysis. Next, we will discuss the fluctuation of
the prediction accuracy of the Bayesian network in 2007 (sub-prime loan problem). The results show that
the prediction accuracy decreases not only at the time of the event but at the time of the policy change for
the event.
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Figure 1 Bayesian network structure for prediction
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Figure 2 Prediction results by psychological line analysis
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Figure 3  Prediction results by trend analysis
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Figure 4 Prediction results by Bayesian network analysis
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Figure 5 FTSE100 in 2007
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