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Causal Network Construction Using SVO Structure

HirosHi Isuir, ! Qiang Mafl
and MASATOSHI YOSHIKAWAT!

In this paper, we propose a novel Topic-Event Causal relation model (TEC
model) and describe a method to construct a Causal Network in a TEC model
to support understanding of news. In the TEC model, causal relations are
represented by an edge-labeled directed graph. A source vertex represents the
cause of an event, and a destination vertex represents the result of that event.
In the model, each vertex includes two types of keywords: topic keywords,
which describe topics, and event keywords, which describe events. Using the
SVO structure of Japanese, we compose event keywords as three words(Subject,
Verb, Object). If each concept of event keywords is equal between two vertcies,
we merge the verticies, which represent the similar event. In the merging calcu-
lation, Using topic keyword decrease computational complexity. A preliminary
experiment of vertices merging to assess the validity of the proposed method
demonstrated its usefulness.
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Fig.1 Example of merging order issue
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Fig.2 Causal relation in TEC model using SVO structure
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