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A proposal of a data preprocessing approach
to simplify a shape of boundary region

Yukryo KIMURAT! and SHINYA WATANABE'?

This paper proposes a new data preprocessing approach, which utilize clus-
tering method to increase the density of data class. This approach performs
clustering method based on the distribution of each class and divide into sub-
class. By the use of this approach, the total number of class is increased, but
the difficulty of classification can be reduced since it becomes easy to classify
for each class. In this paper, we examine the characteristics and effectiveness
of the proposed approach through two different test problems.
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0 1 The procedure of the splitting approach.
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(a) Heart-disease (b) Liver-disorders

0 2 The two-dimensional distribution map of two datasets.
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(a) Heart-disease (4 class) (b) Liver-disorders(4 class)

0 8 The two-dimensional distribution map of sub-class results.
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[1 2 Classification performance of experiments

Dataset #class | Accuracy | Sensitivity | Specificity | F-measure | #SV
Heart Disease 2 0.835 0.881 0.781 0.852 122
4 0.855 0.810 0.894 0.838 176
8 0.825 0.766 0.875 0.802 213
Liver-disorders 2 0.745 0.850 0.600 0.794 191
4 0.704 0.790 0.586 0.756 206
10 0.701 0.593 0.780 0.625 205
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