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A Method for Reducing number of HOG Features
based on Real AdaBoost

CHikA MaTtsusHIMA, T Yusr Yamaucnr, !
TAKAYOSHI YAMASHITATL2 and HIRoNOBU FuiryosHif!

We propose an efficient method for reducing the number of HOG features
based on Real AdaBoost. The proposed method can reduce the amount of
memory required by converting the HOG features used in human detection to
a binary pattern. Converting to a binary pattern, however, causes the problem
of a sparse probability density distribution used in classification. Nevertheless, a
dense probability density distribution can be achieved by using Real AdaBoost
to integrate the binary pattern during training. To confirm the effectiveness of
the proposed method, we conducted evaluation experiments and compared the
amounts of memory required. The results show that the detection accuracy of
the HOG features is retained, but less memory is required for the processing.
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Fig.1 Binarization of HOG features by fixed value.
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Fig.2 Algorithm of reducing number of feature based on Real AdaBoost.
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Fig.3 An example of probability density distribution at 1st round training.
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Fig.4 Example of searching for integration pattern.
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Fig.5 Examples of output of strong classifier.
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Fig.6 Example of database.
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Fig.7 DET curves of evaluation experiments.
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Table 1 Classification rate and memory size for processing an image.
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Fig.8 Visualization examples of selected feature by training.
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Fig.11 DET curves of evaluation experiments by binarization of HOG features.
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Fig. 12 Visualization example of selected binary pattern by training.

© 2009 Information Processing Society of Japan



ooooooooog
IPSJ SIG Technical Report

02 0O0O0OO0Ooo

Table 2 Classification rate for each method.
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