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Constrained Clustering for Blog Articles with Diverse Views

TsucuTosHI AosHIMA,! ToMoko Toba, !
NaoOKI FUKUTA, SHOHEI YOKOYAMAT!
and HIROSHI ISHIKAWA !

There are many approaches about mining blogs that are focusing on char-
acteristics that the blogs often reveal various communications and personal
opinions about timely events within chronological line. Some approaches are
trying to analyze shifts and moves about interests on blogs by extracted top-
ics from them. However, there are still difficult issues to cut out appropriate
topics for various needs. It is needed to analyze the same topic from multi-
ple aspects according to each situation rather than static aspects. Therefore,

it is very important to extract topics from a large number of blog articles in
several aspects. In this paper, we focus on topic extraction from blog articles
that are demanded to be analyzed from multiple aspects. Furthermore, we try
to reflect implicit relations among articles by clustering constraints. We pro-
pose a prototype system for adaptive topic extraction in various aspects from
the specified blog articles by using grammatical characteristics of words that
are related to the aspects. Constrained Locally Weighted Clustering is applied
for better clustering with associated constraints among articles referred from
certain background knowledge.
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Table 2 Summary of obtained blog contents for iPhone.
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Table 3 Clusters applies focus to noun.
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Table 4 Clusters applies focus to verb.
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Table 5 Clusters applies focus to adjective.
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