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Microarray Data Classification Using Distribution of Imputation and Noise

NAOKI YAsual,t 'I'suyosHl KaTottttt and KIYOSHI ASATHttt

Microarray technique has been used to monitor gene expression levels at a genome wide.
A disadvantage of the microarray is that the observed data are error prone; the microarray
data often include serious noise and large portions of missing values. Nevertheless, so far the
microarray data have been analyzed directly using conventional statistical diagnosis after im-
putation of missing values. This paper proposes a new automatic diagnostic algorithm which
regards the microarray data as a probabilistic distribution. Promising experimental results

are shown on real-world data.
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