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Feature Selection Methods in Text Classification
by Combining Complementary Selection Measures

TAKASHI SUENAGA t ,TSUTOMU MATSUNAGA * and JUN SEKINEf

In text classification, classifiers are often based on features of terms. Some feature selection
measures are proposed, such as document frequency, x2-statistics, mutual infomation. The
category relevance has two point of views: 1)recall evaluated by classifying positive evidences
and 2)precision, rejecting negative ones. These measures are correspond to just a point of
view for the requirements. Especially, using just a measure has limitation to select terms with
rare but high contributive ones for classification. In this papar, we propose feature selection
methods in text classification by combining complementary selection measures, based on the
ensemble learning in the machine learning field. Experiments show classification using the
smaller term set selected by the proposed method gives higher performance than exitsing
measures.
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Table 1 Ranking correlations of terms selected from documents of the category “acq”.
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Fig. 1 F-measures of text classififarion for the category
“acq” using each term seletion criterion.
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