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Abstract In many E-commerce sites, recommender systems, which provide personalized recommendation from
among a large number of items, are recently introduced. Collaborative filtering (CF) is one of the most successful
algorithms which provide recommendations using ratings of items by the users. There are two approaches such as
user-based CF and item-based CF. Additionally an algorithm which improves recommendation accuracy by unifying
both of user-based CF and item-based CF was proposed. In the algorithm, a weight for unifying is a constant which
obtained empirically. However, because the optimal weight for unifying is actually different by the situation, the
algorithm should estimate an appropriate weight dynamically, and use it. In this research, we propose an approach
for estimation of the appropriate weight based on collected ratings. Moreover, we discussed the effectiveness by
using Movie Lens data. -
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Lol 2 BRREIES, Bic & 5 BRETMEL —RIICAVS
h3. O%b, CFi, 2—V.FATLTREINS MEHHF
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Z—3v F ETABETNATVE®), £5—&3 5 BREORKA
FTHY, -9 943, TATLE1682 D, 10 FEDKEST
FTF—2TH3. i, Fa—TFRPELE2074T7L%
BT LTVS.

¥, 2T —2D 3B Naining BEIIHT—&, BD
D Niraining BT AMTF—2 LT 3. ZO%, HET—2LH#
B7 VIV XLIETOTET A FTF—RIiHd 2847 0
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