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Abstract SIFT feature based point correspondence and stereo matching using template matching are the examples of data
correspondence algorithms, which find the optimal pairs providing minimum distances. When the resulting correspondences
are not satisfactory, metric learning method can be applied to produce a better metric. Most metric learning methods treat every
class evenly, however, correspondence problems require asymmetric treatment of classes, correct and incorrect
correspondences. This paper proposes Discriminant Feature Transform (DFT) that transforms feature vectors so as to produce
smaller distances for correct correspondences and bigger distances for incorrect correspondences. In this report, we present
linear version of DFT and examine its effectiveness.
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