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A Study on Improvement of Learning Efficiency and Recognition Rate of Images
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Abstract Recently, a demand for generic image recognition is increasing due to explosive increase of digital
images. In this paper, we carried out an experiment by using bag-of-keypoints method (Bok method) proposed by
G.Csurka as a technique of image recognition. In this experiment, we tried with an assumption that, by removing
an area that seemed to be unnecessary for recognition by applying seam-carving to both the learning images and
the test images, learning efficiency and recognition rate could be improved. As a result, the recognition rate can
be improved by about 4.5% compared with the case where nothing is processed beforehand.
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