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A Classification Method
for Strongly Connected Blog Entries

MoToYUKI KAMADA,*! Naok1 FukuTa, 2
SHOHEI YOKOYAMAT2 and HIROSHI ISHIKAWA 2

Blogosphere is evolving as an important information resource and therefore
there is a certain need to realize blog-specific effective search engines, crawlers,
and article classifiers. We can find blog entries for a certain event by using
blog search engines with ordinary ranking algorithms. It is difficult to find out
a set of blog entries that have meaningful relations among them. The actual
motivations for looking blogs are varied. One would do for locating rich infor-
mation resources, and another one could do for investigating people’s reactions
for a specific event. In our approach, we use topic independent features of blog

articles that can be statically gained from the number of anchor links or part
of speeches to realize a classification using various machine learning algorithms
that can cover and adopt various needs of the readers. We show that the per-
formance of classification does not deeply depend on the topic of articles in the
learning set.
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01 00O00ogogoogo
Table 1 Filters and their classifications.
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Fig.1 Reader-centered blog article classification.
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Table 2 Features used in the classification.
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000000 function crawling( Blog b, Topic t )
if(bOOOO t0OODO )
Ob0OHTMLODOODDODOOOOO TrackBack D00 O000O0O;
oooobooobooog,

O foreach tb_origin(TrackBack O 0O 0O)

00 if( th_origin 0000 )

000 crawling(tb_origin, t);

00 end if

O end foreach

else
ObO0OOODODOO;
end if

02 00000O0O0OooDoooog
Fig.2 Crawling algorithm.
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Table 3 Topics and the number of articles for each trackback community.
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Table 4 Details of the dataset.
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Table 5 Blog articles collected from Google Blog Search.
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Table 6 Performance of classification filters applied to the learned events (F-measure).

oooo ooo C4.5 NB Bagging C4.5 Bagging NB Boosting C4.5 Boosting NB SVM gooo
Ooooooo oooooooo 0.343  0.468 0.370 0.356 0.360 0.433 0.489 0.050
ooooooooo 0.978  0.979 0.982 0.977 0.978 0.983 0.981 0.950

0oooooo Ooooooooo 0.675  0.586 0.712 0.594 0.718 0.698 0.708 0.432
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oooooo goooooo 0.953  0.955 0.959 0.956 0.958 0.953 0.942 0.921
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oo 0.683  0.670 0.698 0.659 0.706 0.689 0.706 0.500
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Table 7 Performance of classification filters on Google-based crawled articles applied to the learned events (F-measure).

oooo ooo C4.5 NB Bagging C4.5 Bagging NB Boosting C4.5 Boosting NB SVM oooo
0oooooo ooooooooD 0.177 0.176 0.205 0.184 0.217 0.172 0.104 0.066
ooooooooo 0.971 0.843 0.975 0.854 0.976 0.905 0.964 0.934
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ooooooooo 0.773 0.725 0.801 0.721 0.786 0.744 0.795 0.633
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oooooooo 0.132 0.227 0.180 0.220 0.203 0.238 0.102 0.095
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Table 8 Performance of classification filters applied to the learned events (F-measure).

oooo ooo 00000 Boosting C4.50 ooooosvMmo Ni(linear) Ni(RBF) Ni(IG&linear) Ni(IG&RBF) 0000
ooooooo gooooooo 0.360 0.489 0.497 0.365 0.489 0.365 0.050
oopoooooo 0.978 0.981 0.989 0.987 0.988 0.987 0.950
ooooooo 0oopDooooD 0.718 0.708 0.816 0.400 0.813 0.398 0.432
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Table 9 Performance of classification filters on Google-based crawled articles applied to the learned events (F-measure).
oooo ooo 00000 Boosting C4.50 0oDoosSvMo Ni(linear) Ni(RBF) Ni(IG&linear) Ni(IG&RBF) oooo
ooooooo oooooooo 0.217 0.104 0.379 0 0.378 0 0.066
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Table 10 Performance of classification filters applied to Blogs for different events (F-measure).

gooo ooo C4.5 NB Bagging C4.5 Bagging NB Boosting C4.5 Boosting NB SVM gooo
Ooooooo oooooooo 0.134 0.124 0.122 0.101 0.135 0.076 0.268 0.050
goooooooo 0.957  0.962 0.975 0.965 0.965 0.963 0.962 0.950

0oooooo gooooooo 0.642  0.586 0.655 0.587 0.647 0.614 0.689 0.432
ooooooooao 0.653  0.747 0.716 0.753 0.730 0.737 0.737 0.568
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Table 11 Performance of classification filters on Google-based crawled articles applied to Blogs for different events (F-measure).

oooo 0ooo C4.5 NB Bagging C4.5 Bagging NB Boosting C4.5 Boosting NB SVM oooo
0oooooo oopoooooo 0.036 0.124 0.038 0.126 0.086 0.131 0.036 0.066
ooooooooo 0.956 0.837 0.955 0.845 0.955 0.904 0.956 0.934
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gboboooobooooboboooodoboooboobooooboboooobooooooa
O00000000000000000000 0.0140Google0 OO0 O0OOODOOOO
oooooooooobooo420000000000000C0COOOOOOOOO

3.3 D0UOooooooooooon

goboooobooooooocoOooobooOoboooooboooOoooobooOooDbO b 5000
O000000000000o03200000000000000000000000OC4.50
gbobooobooobodoobooooboooooboooobboOoooooOoobboUOooboooOoDo
gbooooboobooooboooodooooboobooboobOoOooO0obooOoOoOooOoOo 40
oooooooooooooboooo0oooooooooOoOobooObO0o0oooooo FOO
2200000400000000000C000C00DOOOOOO OO OD0O00OO
gooooboooooooooooooobooooooboooboooooDooboOooooonoon

000000000 0OooOooO0 Vol.2 No.2 56-70 (June 2009)

ooo0o0o0oo0oo0o0o00 rFOOOOOOOOOO0OOO0OO0O0O0O0O0O0O00000O00000O0
good oo nnooooooobooooooobooboooooooooboooooooo
goboooooooooo
Oo0o0oooooooNiOoooooooOoOOO0OCOOOO0O000oo0oooooooooon
O00000000oooooooooooONiO00oooooooooD 1000 1100
0000000000000 0000000000 Bagging C4.50 SVvMOOOOOOO
ooooooooooooboocoboobooboooobo120013000000000000
gobooooboooooboooobooooboocoboboooboooobooooobooooo
gebd 10o000OO00OO0O0O0OO0DOOOLODOOOOOOOOOOODOOODOOOOO
goooooooooooboooooooboobooooooobobooooooooDooooo
gooooooooooooooboooooboooooooooooooboOoooooDooboo

(© 2009 Information Processing Society of Japan



66 D0000O0OO0O0OOOOO0OOO0OOOOOOOO0000

012 000000000000000000000000000000000000000000000 NioOoOoOooooooorOoOoooo
Table 12 Performance of classification filters applied to Blogs for different events (F-measure).

oooo ooo 00000 Boosting C4.50 ooooosvMmo Ni(linear) Ni(RBF) Ni(IG&linear) Ni(IG&RBF) 0000
ooooooo gooooooo 0.135 0.268 0.040 0.117 0.018 0.105 0.050
oooooooog 0.965 0.962 0.976 0.976 0.975 0.977 0.950
ooooooo gooooooo 0.647 0.689 0.132 0.141 0.219 0.148 0.432
0ooooooooo 0.730 0.737 0.732 0.570 0.729 0.673 0.568
0oooooooon ooooooooog 0.804 0.780 0.285 0.618 0.347 0.615 0.632
gobooooooooboo 0.650 0.659 0.616 0.099 0.552 0.098 0.368
ooooooo 0.950 0.920 0.959 0.958 0.956 0.958 0.921
noeoon 0oooooooo 0.159 0.230 0.046 0.011 0.084 0 0.079
oo 0.630 0.655 0.467 0.436 0.485 0.447 0.500
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Table 13 Performance of classification filters on Google-based crawled articles applied to Blogs for different events (F-measure).

oooo ooo 00000 Boosting C4.50 0oDoosSvMo Ni(linear) Ni(RBF) Ni(IG&linear) Ni(IG&RBF) oooo
ooooooo oooooooo 0.086 0.036 0.051 0 0.096 0 0.066
ooooooooo 0.955 0.956 0.963 0.965 0.962 0.965 0.934
ooooooo oooooooo 0.510 0.500 0.298 0.234 0.291 0.090 0.367
ooooooooog 0.706 0.721 0.705 0.451 0.631 0.595 0.633
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oooooo ooooooo 0.920 0.931 0.936 0.949 0.945 0.951 0.905
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Table 15 Link-related attributes of Blog articles crawled by different methods.
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Table 14 Same Blog articles in two datasets with different crawling methods.
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