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Sequences of action symbols that have biased co-occurrences are seen in log data of massively
multi-play online Games (MMOGs). Such a sequence is composed by a hub symbol and its highly
co-occurrence symbols. In this paper, we aggregate symbol sequences and make them visible with
KeyGraph. We examine whether sequences with biased co-occurrences can be observed in the
visualization results of KeyGraph. In addition, we discuss whether these results match with the

real behaviors of MMOG agents that we implement.
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Fig. 4 KeyGraph:Socializer
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Fig. 5 KeyGraph:VarianterKtoS
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