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Abstract Recently, we have developed a method for estimating the recognition performance using the PESQ that
is the distortion measure standardized by the ITU-T as Rec. P.862. This method can give an accurate estimate
only when the estimator optimized for the noise reduction algorithm used is available. However, practically the
single estimator that can be used for various noise reduction algorithms is required. This problem is caused by an
inconsistency between the distortion value and the recognition performance. This paper describes the effectiveness
of the modified PESQ developed to solve this problem.
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Fig.1 Estimation of the recognition performance from the dis-

tortion value.
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Fig.3 Generation process of the artificial voice.
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Table 2 Conditions of the recognition experiments.
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Fig.4 Relationship between the distortion value and the word

accuracy for the test set A.
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