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This paper presents a method for integrating cross-language category hierarchies, i.e. Reuters'96 and
UDC code hierarchy of Japanese by estimating category similarities. First, we classify documents from
one hierarchy into categories with another hierarchy using cross-language text classification technique,
and extract category pairs of two hierarchies. Next, we apply x? statistics to these pairs in order to
obtain similar category pairs, and finally we apply the generating function of Apriori to the result of
category pairs, and find sets of similar categories. Moreover, we examined whether or not integrating
hierarchies helps to support retrieval of relevant documents. The retrieval result of 0.328 precision

showed improvement over the baselines.
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