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Statistical language models are widely used as language models for large vocabulary continuous speech
recognition. Above all, a back-off n-gram is a de facto standard as a language model for speech recognition.
Number of models have been proposed so far for overcoming the back-off n-gram, but none of them has
achieved large improvement over the back-off trigram. In this paper, various language models are briefly
reviewed, and I give some suggestions what is needed for current language models, and discuss possibilities of

improving language models.
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