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Abstract

This paper proposes a training data extraction (TDE) method for user preference based
music information retrieval (MIR). In conventional MIR, the biased distribution of
songs in the feature space is a cause of MIR accuracy decrease. In this research, we
propose a TDE method based on K-means clustering results. Experiment results prove
that the proposed method solves the biased distribution problem, and improves MIR
accuracy. However, there is a well-known prototype setting problem for K-means
clustering. We have conducted further experiments to compare clustering algorithms,

and examine the optimal clustering method for user preference based MIR.
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