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In this paper, we discuss the advantages and problems of the algorithms based on “vote” and “majority
verdict”, which are capable of stable detection and recognition of geometric objects in noisy images. First,
we describe the basic ideas of three major algorithms ; Hough Transform, Generalized Hough Transform
and Geometric Hashing, and the relationship among these algorithms is clarified. Next, we summarize the
advantages and problems of these algorithms and introduce some methods to resolve these problems. Finally,
the limitation of these three algorithms are pointed out, and the discussion by the cvev-working group on the
breakthrough to the next stage of the “vote”-and-“majority verdict” algorithm are introduced.
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