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Department of Information Systems, Kyushu University

Recently, there are many researches on the mechanism of an integrated information processing
between pattern information and symbolic information. In this paper, an applicability of
multilayered neural networks for object recognition based on an interaction between symbol and
pattern is discussed. The interaction by using multilayered neural networks makes early vision
processing based on local information be stable, because symbols include global information.

However we yet have an open problem how to make network structures especially for intelligent CV
task.
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