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The scale-space theory, which a signal is extended to signal set with the various scales using scale-
space theory and is represented hierarchically, is proposed. The visual facility has been argued using some
channels with various scale in" early ‘vision. 'As this visual facility is realized using the linear filter, the
theory attracted the attention of many researchers. The domain for the scale-space theory spread wide
and wide and the base of the theory has been studled deeply. The hlerarchwal approach is important

" for the ﬂemble recognition, and the a.pphcatlon is studxed in-some fields. In this paper, the base of the
theory and the applications is denoted Finally, the view and future of the technique is denoted.
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