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Contour completion by an N-gram model

MAasaTO HIRANO + and TSUYOSHI YAMAMURA '

In this paper, we deal with contour completion problem, that is, interpolation of contour
parts as well as complement of contours which are perceived without physical stimuli, like
subject contours. Carious studies on subject contours have been done, and according them,
a subject contour is generated through low and high level processes; the low level process
includes detection of contour orientation and the high level one is related to shape reconstruc-
tion.

We model these two processes based on probability. The low and high level processes are
realized by extraction of valid segment and combination of those valid segments, respectively.

Experimental results show that our method can generate natural contours.
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Fig.1 Complement lines

goo,d0o00ooooooobooboboobn
gboo,b0oo0oooooooo,obcoooooon
goboooooooboooboo,0c0booooonn
gobooobooobooooo,obobooobooobn
gbooo,oo0oooboooboooobooooboobooon
oo.

goooo,0000000000,0000000
goooooooooooooooooooobooDo,
goooooobooboo. oooboo,booon
goooboooooooooooboooooooon
goboooooboooobooooooooooon. o
gooo,b0boocooooboooooooooooon,
ooooooooooooobooooobooobooo,NOo
gooooooooooooobooocooooooon
goo. oboboooboobooooooboo,oooon
gboooooboooooo,0o0o0ooooboobooon
ooooooooon.

g0,20000000000000O0,00D00O
goooooooooooboooooooooooo.
gobos3soo,booobobooooooooooon
0,4000000.

2. 0000000000

g,000000o0oooooboooboocobobooonn
oo.

gooooobooo,1.goocooooo,2.000
oooooooooooooooo,0boo0ooo.o
ooooooo,0000o0o000,00000000
gooobobooooooooobooooooooon
g.ooooo,0oco0ooooooobo,0o1000

g ood

02 00ooo
Fig.2 Prediction suffix tree
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Fig.3 Difference between N-gram Model and Triggered Model
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Fig.4 Code transform template
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Fig.5 The flow of study
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Fig.6 The flow of compliment
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Fig.7 Contour completion algorithm
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