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Corpus-Based Video Analysis

Shin’ichi Satoh
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Abstract: Recent technology innovation enables ordinary people to access huge scale video
archives, and thus the requirement of content-based video retrieval and browsing is raised. In order
to realize “true” content-based video access, it is crucial to analyze semantic content of videos,
however, currently available technologies are far below the level of the practical requirement. On
the other hand, continuous speech recognition, natural language processing, character recognition,
and face detection/recognition technologies were put to practical use. One of the key technical
issues which enables. this achievement is the use of corpus-based analysis. It is ideal if we can
apply corpus-based method to video analysis. This article introduces TRECVID, one of the first
approaches towards corpus-based video analysis. We would like to reveal the latest technology
level of corpus-based video analysis, issues in corpus-based video analysis, and future direction of
the approach. ‘
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174 Find shots with a view of one or more tall buildings
{move than 4 storiea) and the top story visible

177 Find shots of a daytime demonstration or
protest with at least part of one building visible

179 Find shots of Saddam Hussein with at least one

{a) Intervie

(b miscetlaneous fostages
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TEBNRFEAZLBROLNTNS, NG L
RBEMBOFIER 417 T, ZOXIRSELER
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