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Abstract We propose a new method to create adaptive background models. Traditionally, each pixel
has an adaptive background model which consists of Gaussian mixtures. Each model can approximate
a change of pixel values and it helps us to detect moving objects which appears in the image sequences.
However, traditional adaptive background models cannot adapt to some illumination changes such as
gradually varying illumination, precipitously varying illumination and so on. In our approach, therefore,
we use a predictive background model which can predict a pixel value in the next frame. To detect
moving object, each pixel value is judged as “foreground” or “background” by the predictive background
model as well as the traditional adaptive background model.
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