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Many image features have been used for face recognition in recent decades. We propose a method for face recogni-
tion with Haar wavelet for low computation cost. This method extracts image features by performing Haar wavelet
on a normalized face image, and then recognizes a face by each classifier learned by AdaBoost in advance. The
computation cost for face recognition is significantly reduced by selecting image features with high confidence.
We show the performance of the proposed method by experimental results.
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