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Kernel PCA based on the metric of the input space

JUN Fulikl and SHOTARO AKAHO!

Original kernel principle component analysis is finding the principle subspace of the data
from least squares estimation based on the metric of feature space. However, the paper pro-
poses the method to find the principle subspace of the data from least squares estimation
based on the metric of input space. The proposed method is efficient when the metric of

input space is known.
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