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Prototype Based Concept Learning Algorithm

Masayuki Tanizawa  Kuniaki Uehara  Sadao Maekawa
Department of Computer Science and Systems Engineering

Kobe University
Nada, Kobe, 657 Japan

This paper describes a prototype based statistical concept learning algorithm from
cases. Most of the existing inductive classification algorithms mainly concentrate on
the extraction of minimum discrimination rules to separate each categories. On the
other hand, our approach is to classify a new case into nearest categories by prototype
based distance metric, where prototype theory was proposed E, Rosch. Prototype
based classification approach uses more conceptual information from training cases
than rule induction approaches and this approach achieves high accuracy to clas-
sify from small training cases. Furthermore this approach can derive some possible

categories for a new case.
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