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K-minimal multiple generalization (k-mmg) algorithm, which has proposed by Arimura
et al., is an efficient inference algorithm. The k-mmg algorithm can handle disjunctive
description naturally. This paper describes an method for learning knowledge for natural
language processing. In our method, since examples are generated by using the taxonomic
hierarchy, we can obtain general knowledge from a computer dictionary.
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function k-mmg
input k: IE¥#, S: IEfIOKE,
output R: L&A,
begin
if(k=1)then
return lgg(S);
else if ( reduced(k,S) #FFFEL T % ) then
begin
max := reduced(k,S);
R := tighten(S,max);
return R;
end
else return k-mmg(k-1,S);
endif
end
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input: &7 L — A f, F¥¥ k,
begin
for each slot s of f do
for each disjunct d of s do
begin
maz := find_mazimal(d)
d := remove_children(d, maz)

for each e € d do d := d U select_sibling(k, d, e)
end
end
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