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Extracting Propositions from Neural Networks

Hiroshi Tsukimoto, Chie Morita
Research & Development Center, Toshiba Corporation

Authors presented an algorithm for finding propositions from neural networks. The outline is as
follows. When the domain is discrete, the functions that neural networks can learn are multi-linear
functions. The space of multi-linear functions can be made into a Euclidean space. When the
domain is [0,1], the above facts approximately hold. So, multi-linear functions representing units of
neural networks can be approximated by (continuous) Boolean functions, where sigmoid functions
are approximated by linear functions. We developed an algorithm without the linearlization. This
paper describes the algorithm and also compares it with Shavlik’s algorithm. Experimental results
of woting — records and iris are presented.
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